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Abstract  1 
Previous human genetic studies, based on sampling small numbers of 2 
populations, have supported a recent Out-of-Africa dispersal model with minor 3 
additional input from archaic humans. Here, we present a novel dataset of 379 4 
high-coverage human genomes from 125 populations worldwide. The 5 
combination of high spatial and genomic coverage enabled us to refine current 6 
knowledge of continent-wide patterns of heterozygosity, long- and short-7 
distance gene flow, archaic admixture, and changes in effective population size. 8 
Compared to Eurasians, the examined Papuan genomes show an excess of highly 9 
derived modern human haplotypes and deeper split times from Africans. This is 10 
compatible with an early and largely extinct expansion of modern humans Out-11 
of-Africa. This is also indicated by the Western Asian fossil record and the recent 12 
discovery of modern human and Neanderthal admixture 100,000 years ago, 13 
which significantly predates the main Out-of-Africa expansion of modern 14 
humans. Our tests of positive and balancing selection highlight a number of new 15 
metabolism- and immunity-related loci as candidates for local adaptation. 16 





Previous genome-wide sequencing efforts have aimed at characterizing 3 
common variants in the human genome by targeting moderate numbers of 4 
geographically distinct populations and combining genotyping, low-coverage 5 
whole-genome and exome sequencing data1,2. High-coverage whole-genome 6 
sequence studies have so far been limited to focusing on specific populations3 7 
and geographic regions4-7, or targeted at specific diseases, e.g. cancer8. 8 
Nevertheless, the availability of high-resolution genomic data has led to the 9 
development of new methodologies for inferring population history9-13 and 10 
refuelled the debate on the mutation rate in humans14. From these initial studies, 11 
the unprecedented potential of high-coverage genomic data to reveal 12 
geographically specific patterns of genetic diversity has become evident. Here, 13 
we present a new dataset of high-coverage human genomes from nearly 150 14 
populations distributed worldwide. This comprehensive population sample, 15 
which, among others, includes new samples from Siberia, Island Southeast Asia 16 
and Papua New Guinea, allows us to infer human demographic history in finer 17 
detail and to investigate signatures of natural selection. We estimate split times 18 
among populations, test how the different populations conform to the model of a 19 
single expansion out of Africa with archaic admixture (OoA), and assess patterns 20 
of neutral and adaptive variation associated with different environments. 21 
Data description. Our worldwide panel of 483 high-coverage human 22 
genomes from 148 populations includes 379 new genomes from 125 populations 23 
(Figure 1) (Table S1.7-I). All genomes were sequenced by Complete Genomics 24 
Inc. and mapped, called and phased using the same bioinformatic pipeline, 25 
thereby minimizing platform and processing bias conflicts (Supplementary 26 
Section 1.1). We maximised the number of groups in this study by limiting the 27 
number of individuals to three for most populations. Existing SNP-chip 28 
information was used in most cases to choose unrelated individuals and to avoid 29 
cases of recent admixture between geographically distant populations. For 30 
demographic inferences, we combined previously published and new sequences 31 
to generate a geographically balanced sample (Figure 1, Diversity Set, N=447). 32 
For selection scan analysis, we focussed on well-covered geographic regions, 33 
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combining a subset of the Diversity Set with published sequences (Figure 1, 1 
Selection Set, N = 396, Supplementary Section 1.7).  2 
The current view on the peopling of Eurasia. The timing and route of 3 
human movements out of Africa, as well as the degree to which migrating 4 
populations interbred with archaic humans during their expansion across 5 
Eurasia, have been the subject of considerable debate over the past two 6 
decades15. Fossil evidence demonstrates that Homo sapiens was present in 7 
Levant between ca. 120-70 kya16. This colonization has, however, been viewed as 8 
a failed expansion OoA17. Nevertheless craniometrical studies of African and 9 
Asian populations18 and fossil data from eastern Asia15, including the very recent 10 
reports of human remains in China from before 80 kya19, admit the possibility of 11 
an early dispersal. Moreover, archaeological finds in Arabia and South Asia 12 
indicate the presence of human populations in ameliorated environments 13 
between 125 and 75 kya15. Previous genetic analyses of living populations have 14 
revealed a steady decline in genetic diversity with distance from Africa, which is 15 
consistent with a serial founder event model20-22.  16 
Ancient DNA (aDNA) sequencing has further contributed to our 17 
understanding of the peopling of Eurasia and revealed admixture with at least 18 
two archaic human lineages. Neanderthals have left a genetic signature in all 19 
non-Africans from around 55 kya23, while admixture with Denisova was largely 20 
restricted to the ancestors of modern Papuan and Australian populations24. In 21 
addition aDNA from modern humans indicates population structuring and turnover, 22 
but little additional archaic admixture, in Eurasia over the last 35-45 thousand 23 
years25-27. Overall, these findings provide support for a model28,29 by which the 24 
vast majority of human genetic diversity outside Africa derives from a single 25 




Population structure in Eurasia. We used ADMIXTURE 30 to infer 30 
genetic structure and admixture patterns in our Diversity Set (Figure 1 for K=8 31 
and K=14, Supplementary Sections 2.1.1-2 for Ks=2-14). Western Eurasia is 32 
characterised by two predominant genetic clusters, whilst the much less 33 
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populous Siberia shows evidence of three differentiated clusters (Figure 1, 1 
K=14), consistent with previous reports31. Island Southeast Asia also exhibits 2 
high population structuring. Both these latter two regions have histories of small 3 
effective population densities (Figure S2.2.3-I, as inferred by MSMC10), which 4 
increase genetic drift and local differentiation.  5 
We compared the haplotype similarity of our samples using fineSTRUCTURE32. 6 
This shows that our sampling strategy retains the power to identify population 7 
structure at fine resolution. We inferred 106 genetically distinct populations 8 
forming 12 major regional clusters, corresponding well to the 148 self-identified 9 
population labels. This clustering is based on an individual level measure of 10 
haplotype similarity, which is sensitive to small and recent genetic 11 
differentiation, and forms the basis for the groupings used in the scans of natural 12 
selection. 13 
 14 
The importance of geography. The dense geographic coverage of our 15 
samples allowed us to investigate the importance of geographic barriers in 16 
shaping gene flow. We did so by interpolating genetic variation spatially, 17 
focussing on measures of pairwise similarity between genomes in pairs of 18 
populations (Supplementary Section 2.2.2). We considered several similarity 19 
measures (Supplementary Section 2.2.2) and report gradients of allele 20 
frequencies in Figure 2. We validated the approach using isolation by distance 21 
patterns across major gradients and migration surfaces reconstructed using 22 
EEMS33. The main features are the East-West Eurasian split near the Ural 23 
Mountains, and the Tibetan plateau, as expected. To formally link these patterns 24 
to geographic features, we quantified the effects of elevation, temperature, and 25 
precipitation on genetic gradients while controlling for pairwise geographic 26 
distances (Supplementary section 2.2.2). This analysis identifies precipitation 27 
and elevation as environmental variables that correlate most strongly with the 28 
genetic gradients estimated from allele frequencies (inset of Figure 2).  29 
Differentiation in Eurasia after the expansion out of Africa. We 30 
observe the well-documented decrease in the number of heterozygous sites per 31 
genome as a function of distance from East Africa (Figure 1); a pattern consistent 32 
with a model of serial founder events during the peopling of Eurasia20,21.  33 
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While this pattern is relatively smooth, there are a number of discontinuities that 1 
potentially highlight geographic regions that acted as barriers during the 2 
expansion. Such discontinuities can be visualised by plotting the outgroup f3 3 
statistic13,34 in the form f3(X, Y; Yoruba), which here measures shared drift 4 
between non-African populations X and Y from Yoruba as an African outgroup 5 
(Supplementary Section 2.2.6, Figures S2.2.6-I-II). We tested all possible 6 
combinations of X and Y within our Diversity Set and 25 published aDNA 7 
genomes. While recapitulating the main groupings inferred by ADMIXTURE and 8 
fineSTRUCTURE, the outgroup f3 statistic also flags populations that have 9 
experienced additional drift. For example, the f3 values are similar for 10 
comparisons within Caucasus populations and between populations from 11 
Europe and Caucasus. The f3 values for comparisons within Europe, however, are 12 
significantly higher. These findings are consistent with a simple model of 13 
population splits within the Caucasus dating to approximately the same time as 14 
the split between European and Caucasus populations35. 15 
An excess of old haplotypes in Sahul. Our fineSTRUCTURE analysis 16 
highlights an excess of shorter African haplotypes in Papuans, as well as 17 
Philippine Negritos, compared to all other non-African populations. This pattern 18 
remains after correcting for potential confounders such as phasing errors and 19 
sampling bias (Figure S2.2.1-VII, Supplementary Section 2.2.1). A natural 20 
interpretation from population genetics theory is that these shorter shared 21 
haplotypes reflect an older population split36.  22 
We further investigated whether Sahul populations differ from other Eurasian 23 
populations by estimating population splits using MSMC10. We focussed on 23 24 
populations (Supplementary Figure 2.2.3-II), chosen to represent major genetic 25 
groups (Supplementary Section 2.2.3) and used a novel method to predict all 26 
pairwise split times (Methods, Supplementary Figure 2.2.3-III). The split of all 27 
mainland Eurasian populations from Yorubans consistently appears as a gradual 28 
process with a median time ~75 kya (Table S2.2.3-I, Figure 3A). Importantly, 29 
Papuans are an exception to this broad picture, showing a deeper median split 30 
time from Yoruba at around 90 kya; a conclusion robust to phasing artefacts (See 31 
Methods). The Papuan-Eurasian MSMC split time of ~40 kya is slightly older 32 
(Figure S2.2.3-III) than splits between West Eurasian and East Asian populations 33 
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(~30 kya). The Papuan split times from Yoruban and Eurasian are incompatible 1 
with a simple bifurcating population tree model, implying that modern Papuan 2 
individuals are admixed between different topologies. Some of their genome is 3 
an outgroup to most modern Africans and Eurasians, while the rest of their 4 
genome shares a history with Eurasia. 5 
Ancient or modern introgression in Sahul? At least two main models 6 
could account for Sahul populations having older split dates from Africa than 7 
mainland Eurasians in our sample: 8 
a) Admixture in Sahul with an archaic human population that split from modern 9 
humans either before or at the same time as did Denisova and Neanderthal. This 10 
introgressing population could potentially have diverged from the available 11 
aDNA samples more than 350 kya. 12 
b) Admixture in Sahul with a modern human population (xOoA) that left Africa 13 
well after the split between modern humans and Neanderthals, but before the 14 
main expansion of modern humans in Eurasia (main OoA). 15 
We performed a large number of tests to distinguish these scenarios. Because the 16 
introgressing lineage has not been observed with aDNA, standard methods are 17 
limited in their ability to distinguish between these hypotheses. Our approach 18 
therefore relies on building multiple lines of evidence using haplotype-based 19 
MSMC and fineSTRUCTURE comparisons. The two hypotheses are not mutually 20 
exclusive and we can only hope to identify the source of the strongest 21 
contribution. 22 
Single site statistics cannot identify the source of introgression. We 23 
first tried traditional statistical approaches, most notably Patterson’s D 24 
statistic13,23, which we applied to all possible tree relationships between our 25 
samples from Africa, Sahul and Eurasia (Figure S2.2.7-I). The best-supported 26 
topology among those tested shows a contribution to the Sahul genome from a 27 
population (xOoA) that diverged early from West Africans, Baka and Mbuti. This 28 
predates the separation of the ancestors of the modern Africans and Eurasians in 29 
our dataset (topology 3 in Figure S2.2.7-I) as previously proposed37. However, 30 
when including the documented Denisova admixture into the analysis38 and 31 
allowing Denisova introgressed segments to have strongly (350 kya) diverged 32 
from the observed Denisova genome, the D-based test could not discriminate 33 
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between a putative xOoA and the Denisova genomic components 1 
(Supplementary Section S2.2.7). 2 
We also counted non-African Alleles (nAAs), i.e. derived alleles present outside 3 
Africa, but absent in Africans and also archaic humans (Altai Neanderthal and 4 
Denisova genomes) (Figure S2.2.7-II). When compared to Eurasians, both Sahul, 5 
including two admixed Australian Aborigine genomes, and Philippine Negrito 6 
samples do show an excess of nAAs. This is independent of potential 7 
demographic confounders, such as inbreeding or drift (Figure S2.2.7-III). Again, 8 
the excess of nAAs could be explained by admixture with xOoA, which had more 9 
time to accumulate such alleles. However, simulations show that, when allowing 10 
sufficient within-Denisova divergence time, archaic introgression could generate 11 
the same pattern. In this case, we fail to fully mask the derived alleles in Papuans 12 
originating from the introgressing Denisova by relying only on a single Denisova 13 
sample (Figure S2.2.7-IV). Our D-based and nAAs results and related simulations 14 
show empirically that these kind of single site statistics lack the power to 15 
discriminate between the hypothesised scenarios: either Denisova introgression 16 
or a xOoA scenario would result in an increase of non-African derived alleles in 17 
Papuans. The extent of such increase, at the genome-wide level, is a function of 18 
the admixture proportion and divergence time of the introgressing population 19 
from the main human lineage. Therefore, two admixture events with unknown 20 
proportions and time depth are equally able to explain the data and cannot be 21 
disentangled by single site statistics alone. 22 
Haplotype-based analyses indicate an early modern human 23 
expansion signature in Sahul. Using a previously published method39, we 24 
located and masked putatively introgressed Denisova haplotypes from the 25 
genomes of Papuans. We also tried symmetrically phasing Papuans and 26 
Eurasians (see Methods) to evaluate the contribution of phasing errors to the 27 
observed shift in MSMC split dates. Neither modification (Figure 3A, 28 
Supplementary Section 2.2.9, Table S2.2.9-I) changed the estimated split time 29 
(based on MSMC) between Africans and Papuans, suggesting that Denisova 30 
admixture or phasing artefacts are not the main driver of this pattern (See 31 
Methods, Supplementary Section 2.2.8, Figure S.2.2.8-I, Table 2.2.8-I). We further 32 
tested the possible role of Denisova admixture by extensive coalescent 33 
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simulations (Figures S2.2.8-I-II). Without assuming an implausibly large 1 
contribution from a Denisova-like population, we could not simulate the large 2 
Papuan-African and Papuan-Eurasian split times inferred from the data. 3 
Assuming that MSMC dates behave linearly under admixture, the results also 4 
indicate that the hypothesised xOoA lineage may have split from most Africans 5 
as early as 120 kya. This assumption is validated in Supplementary Section 2.2.4 6 
by checking that split dates behave as a mixture in known admixture events. 7 
However, for very old divergences the linearity does not hold true as we 8 
demonstrate in Supplementary Section 2.2.8. Here we show with additional 9 
simulations that the observed shift in the African-Papuan MSMC split curve can 10 
be qualitatively reproduced when including a 4% genomic component that 11 
diverged 120 kya from the main human lineage within Papuans, but that a 12 
similar quantity of Denisova admixture does not produce any significant effect 13 
(Figure S2.2.8-III). Together with the previous simulations, this favours a small 14 
presence of xOoA lineages rather than Denisova admixture alone as the likely 15 
cause of the observed deep African-Papuan split.   16 
We further tested our hypothesised xOoA model by focussing on genomic 17 
regions in Papuans that have African ancestry not found in other Eurasian 18 
populations. We reran fineSTRUCTURE on an “ancient diversity panel”, a subset 19 
of the Diversity Set with the addition of the Denisova, Altai Neanderthal and the 20 
Human Ancestral Genome sequences2, with sites that are heterozygous in 21 
archaic humans removed. FineSTRUCTURE infers chunks of the genome that 22 
have a single inferred most recent common ancestor (MRCA). An MRCA between 23 
different populations occurs either because the lineage first coalesces before two 24 
populations split, or because of a more recent introgression event. Papuan 25 
genomic chunks that have an African MRCA assignment in the sample, like the 26 
genome-wide nAAs results above, had an elevated level of non-African derived 27 
alleles compared to such chunks in Eurasians. They therefore have an older 28 
mean coalescence time with our African samples, as would be expected if 29 
Papuans contained genetic contributions from a xOoA lineage. 30 
On the other hand there may also be a deep divergence between the 31 
sampled Denisova and the one introgressing into modern humans. We were 32 
hence concerned that some introgressed archaic haplotypes have an MRCA with 33 
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Africans due to coalescence in the ancestral population, and hence are assigned 1 
to be African. However, we can resolve the age and hence origin of these chunks 2 
by their sequence similarity with modern Africans. To account for the archaic 3 
introgression we modelled these genomic portions as a mixture of chunks 4 
assigned African or Denisova in Eurasians, as well as chunks assigned Denisova 5 
in Papuans. Chunks are modelled (see Methods) in terms of the distribution of 6 
length and mutation rate, which is characterised in terms of the density of non-7 
African derived alleles, which are nAAs that are fixed ancestral in our Africans. 8 
This approach captures lineages that coalesce before the 9 
human/Denisova split since the properties of these chunks should not depend on 10 
the population they were found in, and since Eurasians (specifically Europeans) 11 
have not experienced Denisova admixture. By this way we could disentangle the 12 
various introgressing lineages by looking at their mutation density. From the 13 
discrepancy between the distribution of Papuan chunks assigned to Africans and 14 
the fitted distribution (Figure 3B-D) we can identify the characteristics of xOoA 15 
chunks (Supplementary Section 2.2.10). Including a xOoA component was 16 
necessary to account for the number of short chunks with “moderate” mutation 17 
density, i.e. higher than Eurasian chunks assigned African but significantly lower 18 
than those assigned Denisova in either Eurasians or Papuans. Inferred xOoA 19 
chunks have 1.5 times more nAAs than that observed in chunks assigned to be 20 
Eurasian, compared to 4 times for chunks assigned to be Denisova. These 21 
proportions can be interpreted as a relative mean time to the most recent 22 
common ancestor, implying a xOoA-Africa split 1.5 times older than the main 23 
OoA, consistent with our MSMC findings (Supplementary Section 2.2.4). 24 
We went on to estimate the proportion of xOoA in Papuan chunks 25 
assigned as both Eurasian (0.1%, 95% CI 0-2.6) and Papuan (4%, 95% CI 2.9-4.5) 26 
(Supplementary Section 2.2.10), by using the estimated mutation density in 27 
xOoA. To do this we used the same mixture model as above (additionally 28 
considering Eurasian chunks assigned to be Eurasian) to obtain a xOoA-free 29 
prediction. When this predicted too few mutations, we assumed that the 30 
difference is due to the xOoA admixture. Adding up the contributions from all 31 
assignments of chunks leads to a genome-wide estimate of 1.9% xOoA (95% CI 32 
1.5-3.3) in Papuans.  33 
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Our results consistently point towards a predominantly modern human 1 
source for the abundance of alleles found in Papuans that are absent in Africans 2 
and are derived according to the ancestral human sequence. It follows that the 3 
genome of modern Papuans is best described as consisting of two human 4 
components. The predominant component is an early split from the major 5 
migration out of Africa that colonized Eurasia while the lesser component is 6 
derived from an earlier, otherwise extinct, dispersal. 7 
 8 
Adaptation outside Africa 9 
 10 
Humans faced a number of ecological challenges as they encountered new 11 
environments outside Africa. To study the nature and extent of any resultant 12 
adaptation, we explored the distribution of functional variants among 13 
populations, performed tests of purifying, balancing and positive selection and, 14 
finally, identified loci that showed the highest allelic differentiation among 15 
groups (Supplementary Section 3). It is important to emphasise that our 16 
sampling strategy may be underpowered to detect certain types of selection. 17 
Despite this, strong signals are present in the data.  18 
Relationship to other findings. The results of our positive selection 19 
tests corroborated the identification of a number of selective sweeps that are 20 
well supported by functional evidence (Table S3.3.4-I), suggesting that, 21 
regardless of our sample pooling strategy, our dataset is able to detect region-22 
specific signals of haplotype homozygosity and allelic differentiation. Our tests 23 
for purifying selection are also consistent with previous studies2,40,41, in terms of 24 
both the lack of differential purifying selection between Africans and non-25 
Africans, as well as the distribution of alleles across frequency classes and 26 
populations (Supplementary Section 3.1, Figure S3.1-I,II; Table S3.1-IV,VI).  27 
Novel findings. Our results show novel signals of purifying, balancing 28 
and positive selection. With regard to purifying selection, we report evidence for 29 
significant differences in the strength of selection in systematically defined 30 
phenotype-related sets of genes. We infer more purifying selection in Africans in 31 
genes involved in pigmentation (bootstrapping p value for RX/Y-scores < 0.05 ) 32 
(Figure S3.5-II) and immune response against viruses (p < 0.05), whilst more 33 
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purifying selection was indicated on olfactory receptor genes in Asians (p < 0.01 1 
in the Southeast Asia Island population, p < 0.05 in the Southeast Asia Mainland, 2 
South American and Northeast Siberia populations)  (Table S3.1.1-II). A genome-3 
wide scan for ancient balancing selection in populations grouped into 12 4 
geographical regions according to their genetic clustering (Supplementary 5 
Section 3.2) revealed a significant enrichment (false discovery rate q-value < 6 
0.01) for antigen processing/presentation, antigen binding, and MHC and 7 
membrane component genes (Tables S3.3.2-I-III). The HLA (HLA-C)-associated 8 
gene (BTNL2) was the top candidate in eight of 12 geographic regions (Table 9 
S3.3.1-I).  10 
Our positive selection scans and variant-based analyses (Supplementary 11 
Sections 3.2 and 3.2) revealed many novel signals, especially in the less-studied 12 
populations, a subset of which is highlighted in Table 1. Benefiting from the 13 
availability of high resolution sequencing information, we were also able to 14 
identify new potentially causal variants in both novel and previously-detected 15 
positive selection signals. 16 
Given the geographic distribution of our samples, we were particularly 17 
interested in assessing whether genes associated with phenotypes highly-18 
correlated to local environmental features, such as temperature, UV exposure, 19 
diet, and pathogen load, are systematically overrepresented in the signals of 20 
positive selection in the sampled populations (Supplementary Section 3.4; Tables 21 
S3.5-I-VI). All categories reported as enriched have chi-square p-values less than 22 
0.01. We observed that genomic regions containing pigmentation-related genes 23 
were overrepresented in some of our positive selection tests in West Eurasian 24 
populations (Table S3.5-I), while those containing genes relating to 25 
thermoregulation were enriched, albeit for different genes, in Africans and 26 
Central Siberians (Table S3.5-II). Unlike Khrameeva and colleagues42, we do not 27 
observe an enrichment of fatty acid metabolism (or specifically lipid catabolism) 28 
genes in the positive selection tests for our European samples. We do, however, 29 
observe enrichment of such genes in Island Southeast Asian and Central Siberian 30 
populations (Table S3.5-IV, Figure S3.5-IV).  31 
With regard to immunity, we found enrichment of bacterial immunity genomic 32 
windows in Island Southeast Asians (Table S3.5-V), which was lost after the 33 
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exclusion of Philippine Negritos from the tests, suggesting that the observation 1 
partially reflects elevated selection in these hunter-gatherer groups. 2 
Furthermore, both western Asian and the South Asian groups showed significant 3 
enrichment in innate immune response annotations based on Tajima's D statistic 4 
(Table S3.5-VI, Figure S3.5-V), which was the only category that showed any 5 
enrichment by that test. This is consistent with selection represented by these 6 
signatures being older than those detected by the haplotype homozygosity tests. 7 
The fact that most innate immunity signals are shared between at least two 8 




A valuable resource. The collection of worldwide high-coverage 13 
genomes presented here has allowed us to: (i) provide a finer resolution 14 
description of human genetic diversity; (ii) identify the genetic trace of a so-far 15 
unidentified component in Sahul populations; and (iii) increase the number of 16 
candidate genome regions that have been subjected to distinct selective 17 
pressures on physiological processes. The latter is key to unravelling our 18 
adaptation history. The data and inferences presented here provide the 19 
groundwork to refine hypotheses about human evolution that are essential to 20 
the understanding of modern patterns of genetic diversity, disease vulnerability 21 
and distribution. 22 
Methodological difficulties. Existing methods based on single-site 23 
analyses seemed unable to resolve our hypotheses about Sahul and could not be 24 
used to distinguish between a small fraction of ancient admixture and a larger 25 
fraction of more recent admixture. The power of these approaches in practice 26 
depends on appropriate ancient samples being available. The behaviour of 27 
haplotype-based inference approaches are relatively poorly characterised and 28 
there is no formal inferential framework available to address our hypotheses. 29 
However, haplotypes preserve more information on our evolution as they can 30 
persist for long periods in finite populations43  at lengths that are detectable with 31 
sequence variation data (Supplementary Section 2.2.13). They allow us to 32 
calibrate drift by considering the rate of non-African alleles accumulated in 33 
19 
 
segments of known length, providing us with a way to estimate the age of splits 1 
from Africa. 2 
A further confounder is that detecting Denisova and Neanderthal introgression 3 
mostly relies on matching to the aDNA data available, which may be a poor proxy 4 
for the actual introgressed DNA. Other possible confounders could involve a 5 
shorter generation time in Papuan and Philippine Negrito populations44, 6 
different recombination processes, or alternative demographic histories that 7 
have not been investigated here. We therefore strongly encourage the 8 
development of new model-based approaches that can explain the haplotype 9 
patterns described here. 10 
Evidence for an earlier exit out of Africa? Our estimate of the split 11 
between African and Eurasians is in broad agreement with previous reports 12 
based on mtDNA and Y chromosome45-47 and full genome sequencing data5,10, 13 
and is consistent with a major OoA expansion (likely through the Levant5 and/or 14 
Arabia15) after that date. Other methods rescaled to the lower mutation rate used 15 
here14 suggest slightly older dates for that split28,48. A recent IBS tract sharing-16 
based method11, when similarly rescaled, yields a remarkably similar split time 17 
of ~80 kya. 18 
Our analyses, however, provide clear evidence that the Sahul populations 19 
sampled here, and possibly other populations from the region that were not 20 
included in our study design, possess an additional genetic signal of 21 
introgression from an uncharacterised hominin. We used a series of tests to try 22 
to identify whether this hominin came from a) an archaic lineage or b) an earlier 23 
out-of-Africa, modern human branch. Current single-site approaches could not 24 
distinguish these hypotheses, but our haplotype-based approaches all point 25 
towards a small amount of admixture (at least 2%) from an earlier modern 26 
human dispersal out-of-Africa around 120 kya (Figure 4) whose genetic 27 
signature has not been identified in any other extant population. We also show 28 
(see Methods) that this is not at odds with evidence that show that Sahul shares 29 
Y chromosome and mtDNA lineages with Eurasians, as there is a high probability 30 
that older Y and mtDNA lineages would be lost as a result of random genetic 31 
drift, as was also argued by Groucutt and others colleagues15,49. 32 
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The inferred xOoA split time (~120 kya) corresponds with fossil and 1 
archaeological evidence for an early expansion of Homo sapiens from Africa15,19. 2 
Furthermore, Kuhlwilm and colleagues50 recently identified modern human 3 
admixture into the Altai Neanderthal before 100 kya. This is consistent with 4 
modern human presence outside of Africa well before the main OoA expansion 5 
after 75 kya. Further studies will confirm if the xOoA we propose here and the 6 
early modern humans that admixed with ancestors of Altai Neanderthals were 7 
part of the same early expansion out of Africa. Similarly, we are agnostic to the 8 
geographic extent of such an early event. Indeed, archaeological evidence for 9 
modern human colonization of Sahul is no earlier than ca. 60-50 kya51,  and 10 
perhaps as late as ca. 47 kya52. The preponderance of genomic evidence, in fact, 11 
indicates that early human expansions did not leave detectable genetic traces in 12 
most contemporary Eurasian populations, perhaps as a consequence of 13 
substantial population replacements, as indicated by aDNA from Oase, 14 
Romania53. Climatic changes over the last 120 thousand years, including glacial 15 
advances and significant fluctuations of wet and dry environmental cycles, likely 16 
influenced population structure across Eurasia54, perhaps leading to lineage 17 
extinctions and regional extirpations. The unexpected genetic traces of xOoA in 18 
Papuans, shown here for the first time, suggest that unravelling the evolutionary 19 
history of our own species will require the recovery of aDNA from additional 20 
fossils, and further archaeological investigations in under-explored regions of 21 
Eurasia. 22 
 23 
Data availability 24 
The newly sequenced genomes were deposited in the ENA archive under 25 
accession number ENAXXXX and are also freely available through the Estonian 26 
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Figure and Table Legends 1 
 2 
Table 1 Subset of novel positive selection Findings in our 12 macro-regional 3 
groups defined using fineSTRUCTURE. 4 
 5 
Figure 1 Panel A: Map of samples location highlighting Diversity/Selection Set; 6 
Panel B: ADMIXTURE plot (K=8 and 14) which relates general visual inspection 7 
of genetic structure to studied populations and their region of origin; Panel C: 8 
Sample level heterozygosity is plotted against distance from Addis Ababa. The 9 
trend line represents only non-African samples. The inset shows the waypoints 10 
used to arrive at the distance in kilometres for each sample. 11 
 12 
Figure 2 Spatial visualisation of genetic barriers inferred from genome-wide 13 
genetic distances, quantified as the magnitude of the gradient of spatially 14 
interpolated allele frequencies (value denoted by colour bar; grey areas have 15 
been land during the last glacial maximum but are currently under water).  Here 16 
we used a novel spatial kernel smoothing method based on the matrix of 17 
pairwise average heterozygosity. Inset: partial correlation between magnitude 18 
of genetic gradients and combinations of different geographic factors, elevation 19 
(E), temperature (T) and precipitation (P), for genetic gradients from 20 
fineSTRUCTURE (red) and allele frequencies (blue). This analysis (see 21 
Supplementary Section 2.2.2 for details) shows that despite the large number of 22 
prehistoric movements across Eurasia, genetic differences within this region 23 
have been strongly shaped by physical barriers such as mountain ranges, 24 
deserts, and open water (such as the Wallace line). 25 
 26 
Figure 3 Panel A: MSMC split times plot. The Yoruba-Eurasia split curve shows 27 
the mean of all Eurasian genomes against one Yoruba genome. The grey area 28 
represents top and bottom 5% of runs. We chose a Koinanbe genome as 29 
representative of the Sahul populations.  Panels B-D: Decomposition of the 30 
ChromoPainter inferred African chunks in Papuans. Panel B: Semi-parametric 31 
decomposition of the joint distribution of chunk lengths and non-African derived 32 
allele rate per SNP, showing the relative proportion of chunks in K=20 33 
components of the distribution, ordered by non-African derived allele rate, 34 
relative to the overall proportion of chunks in each component. The four datasets 35 
produced by considering (African/Denisova) chunks in (Europeans/Papuans) 36 
are shown with our inferred "extra Out-of-Africa xOoA" component. Panel C: The 37 
reconstruction of African chunks in Papuans using a mixture of the other data 38 
(red) and adding the xOoA component (black). Panel D: The properties of the 39 
components in terms of non-African derived allele rate, on which the 40 
components are ordered, and length. 41 
 42 
Figure 4 A subway map figure illustrating, as suggested by the novel results 43 
presented here, the model of an early, extinct Out-of-Africa (xOoA) entering the 44 
genome of Sahul populations at their arrival in the region. Given the overall small 45 
genomic contribution of this event to the genome of modern Sahul, we could not 46 
determine whether the documented Denisova admixture (question marks) and 47 




Data Preparation: In the final dataset, we retained only one second 2 
(Australians, to make use of all the available samples)- and five third-degree 3 
relatives pairs (Table S1.7-I). All genomes were annotated against the Ensembl 4 
GRCh37 database and compared to dbSNP Human Build 141 and Phase 1 of the 5 
1000 Genomes Project dataset2 (Supplementary Sections 1.1-6). We found 6 
10,212,117 new SNPs, 401,911 of which were exonic. As expected from our 7 
sampling scheme, existing lists of variable sites have been extended mostly by 8 
the Siberian, South-East Asian and South Asian genomes, which contribute 9 
89,836 (22.4%), 63,964 (15.9%) and 40,758 (10.1%) of the new exonic variants 10 
detected in this study.  11 
Compared to the genome-wide average, we see fewer heterozygous sites on 12 
chromosomes 1 and 2, and an excess on chromosomes 16, 19 and 21. This 13 
pattern is independent of simple potential confounders, such as rough estimates 14 
of recombination activity and gene density (Supplementary Section 1.8), and 15 
mirrors the inter-chromosomal differences in divergence from chimpanzee55, 16 
suggesting large-scale differences in mutation rates among chromosomes. We 17 
confirmed this general pattern using 1000Genomes Project data (Supplementary 18 
Section 1.8). 19 
 20 
Geographic gradient analyses. We used a Gaussian kernel smoothing 21 
(based on the shortest distance on land to each sample) to interpolate genetic 22 
patterns across space. Averaging over all markers, we obtained an expression for 23 
the mean square gradient of allele frequencies in terms of the matrix of genetic 24 
distance between pairs of samples (Supplementary Section 2.2.2). This provides 25 
a simple way to identify spatial regions that contribute strongly to genetic 26 
differences between samples, and can be used, in principle, for any measure of 27 
genetic difference (for fineSTRUCTURE data, we used negative shared haplotype 28 
length as a measure of differentiation). 29 
 30 
To quantify the link between the magnitude of genetic gradients (from 31 
fineSTRUCTURE and allele frequency data) and geographic factors, we fitted a 32 
generalised linear model to the sum of genetic magnitude gradients on the 33 
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shortest paths between samples to elevation, minimum quarterly temperature, 1 
and annual precipitation summed in the same way, controlling for path length 2 
and spatial random effects (Supplementary Section 2.2.2), and calculated partial 3 
correlations between genetic gradient magnitudes and geographic factors. 4 
 5 
Finestructure Analysis. FineSTRUCTURE32 was run as described in 6 
Supplementary Section S2.2.1. Within the 106 genetically distinct genetic groups, 7 
labels were typically genetically homogeneous - 113 of the 148 population labels 8 
(76%) were assigned to only one ‘genetic cluster’. Similarly, genetic clusters 9 
were typically specific to a label, with 66 of the 106 ‘genetic clusters’ (62%) 10 
containing only one population label. 11 
Correction for phasing errors: To check whether phasing errors could produce 12 
the shorter Papuan chunks, we focussed on regions of the genome that had an 13 
extended (>500Kb) run of homozygosity.  We ran ChromoPainter for each 14 
individual on only these regions, meaning each individual was only painted 15 
where it had been perfectly phased.  This did not change the qualitative features 16 
(Supplementary Section 2.2.1). 17 
Removal of similar samples: Papuans are genetically distinct from other 18 
populations due to tens of thousands of years of isolation. We wanted to check 19 
whether African chunk lengths were biased by the inclusion of a large number of 20 
relatively homogeneous Eurasians with few Papuans. To do this we repeated the 21 
N=447 painting allowing only donors from dissimilar populations, including only 22 
individuals who donated <2% of a genome in the main painting. This did not 23 
change the qualitative chunk length features (Supplementary Section 2.2.1). 24 
Inclusion of ancient samples: We ran our smaller individual panel with (N=109) 25 
and without (N=106) ancient samples (Denisova, Neanderthal and ancestral 26 
human). This did not change the qualitative chunk length features 27 
(Supplementary Section 2.2.1). 28 
 29 
MSMC, Denisova masking, simulations of alternative scenarios and 30 
assessment of phasing robustness. Genetic split times were initially calculated 31 
following the standard MSMC procedure10, and subsequently modified as 32 
follows. To estimate the effect of archaic admixture, putative Denisova 33 
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haplotypes were identified in Papuans using a previously published method39 1 
and masked from all the analysed genomes. Particularly, whether a putative 2 
archaic haplotype was found in heterozygous or homozygous state within the 3 
chosen Papuan genome, the “affected” locus was inserted into the MSMC mask 4 
files and, hence, removed from the analysis. 5 
We note that a fraction of the Denisova and Neanderthal contributions to the 6 
Papuan genomes may be indistinguishable, due to the shared evolutionary 7 
history of these two archaic populations. As a result, some of the removed 8 
“Denisova” haplotypes may have actually entered the genome of Papuans 9 
through Neanderthal. Regardless of this, our exercise successfully shows that  10 
the MSMC split time estimates are not affected by the documented presence of 11 
archaic genomic component (whether coming entirely from Denisova or partially 12 
shared with Neanderthal). 13 
We further excluded the role of Denisova admixture in explaining the deeper 14 
African-Papuan MSMC split times through coalescent simulations (using ms to 15 
generate 30 chromosomes of 5 Mbp each, and simulating each scenario 30 16 
times). These showed that the addition of 4% Denisova lineages to the Papuan 17 
genomes does not change the MSMC results, while the addition of 4% xOoA 18 
lineages recreates the qualitative shift observed in the empirical data. 19 
Phasing artefacts were also taken into account as putative confounders of the 20 
MSMC split time estimates. We re-run MSMC after re-phasing one Estonian, one 21 
Papuan and 20 West African and Pygmies genomes in a single experiment. By 22 
this way we ruled out potential artefacts stemming from the excess of Eurasian 23 
over Sahul samples during the phasing process. Both the archaic and phasing 24 
corrections yielded the same split time as of the standard MSMC runs. 25 
 26 
Emulation of all pairwise MSMC split times. We confirmed that none of 27 
the other populations behaved as an outlier from those identified in the N=22 28 
full pairwise analysis by estimating the MSMC split times between all pairs. We 29 
chose 9 representative populations (including Papuan, Yoruba and Baka) from 30 
the 22, and compared each of the 447 diversity panel genomes to them.  We 31 
learn a model for each individual ݈ not in our panel, 32 
ݐƸ௟௝ ൌ σ ߙ௟௞ݐ௟௝ଽ௞ୀଵ  for ݆ א ሺͳǤ Ǥͻሻ, 33 
26 
 
where the positive mixture weights ߙ௞ sum to 1 and are otherwise learned from 1 
the ݆ א ሺͳǤ Ǥͻሻ observations which we have data under quadratic loss. We can 2 





Examination of this matrix (Supplementary Section S2.2.3, Table S2.2.3-III) 4 
implies no other populations are expected to have unusual MSMC split times 5 
from Africa. 6 
 7 
Mixture model for African haplotypes in Papuans. Obtaining 8 
haplotypes from painting: We define as African or Archaic chunk in Eurasians or 9 
Papuans a genomic locus spanning at least 1000bp, and showing SNPs that were 10 
assigned by chromopainter a 50% chance of copying from either an African or 11 
Archaic genome, respectively. For each chunk we then calculated the number of 12 
non-African mutations, defined as sites found in derived state in a given chunk 13 
and in ancestral state in all of the African genomes included in the present study.  14 
Modelling: We used a non-parametric model for the joint distribution of length 15 
and non-African derived allele mutation rate of chunks.  We fit K (=20) 16 
components to the joint distribution. Each component has a characteristic length 17 
݈௞ , variability ߪ௞  and mutation rate ߤ௞ . A chunk of length ݈௜  with ܺ௜  such 18 
mutations from component ܫ௜ ൌ ݇ has the following distribution: 19 
݈௜ȁሼ݈௞,ߪ௞ଶ,ܫ௜ ൌ ݇ሽ~log-Normal(݈௞,ߪ௞ଶ) 
ܺ௜ȁሼ݈௞ǡ ߤ௞ǡ ܫ௜ ൌ ݇ሽ̱Binomial(݈௞ǡ ߤ௞ሻ 
This model for chunk lengths is motivated by the extreme age of the split times 20 
we seek to model. Recent splits would lead to an exponential distribution of 21 
haplotype lengths. However, due to haplotype fixation caused by finite 22 
population size, very old splits have finite (non-zero) haplotype lengths. 23 
Additionally, the data are left-censored since we cannot reliably detect chunks 24 
that are very short. We note that whilst this makes a single component a 25 
reasonable fit to the data, as K increases the specific choice becomes less 26 
important.  27 
We then impose the prior ݌ሺܫ௜ ൌ ݇ሻ ൌ ͳȀܭ  and use the Expectation-28 
Maximization algorithm to estimate the mixture proportions ߨ௜௞ ൌ ॱሺܫ௜௞ȁ݈௜ǡ ܺ௜ሻ 29 
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along with the maximum likelihood parameter estimates ሼ݈௞ǡ ߪ௞ଶǡ ߤ௞ሽ. We do this 1 
for the four combinations of African (AFR) and Denisova (DEN) chunks found in 2 
Papuans (PNG) or Europeans (EUR), in order to learn the parameters.  3 
Supplementary Section S2.2.10 describes this in more detail. We then describe 4 
the distribution of chunks for each class ܿ of chunk in terms of the expected 5 




 where ߨ௖௞′ ൌ σ ߨ௖௜௞ே೎௜ୀଵ , 7 
where ௖ܰ is the number of chunks of class ܿ.  ߨ௖ is a vector of the proportions 8 
from each of the ܭ components. 9 
 10 
Single-out-of-Africa model: We fit African chunks in Papuans as a mixture of the 11 
others in a second layer of mixture modelling:  12 
ߨ௉ேீǤ஺ிோ ൌ  ෍ ߙ௖ߨ௖
௖אሼ௉ேீǤ஽ாேǡா௎ோǤ஺ிோǡா௎ோǤ஽ாேሻ
ǡ 
where ߙ௖ sum to 1.  This is straightforward to fit. 13 
 14 
xOoA model:  We jointly estimate an additional component ߨ௫ை௢஺ and the 15 
mixture contributions ߚ௖ under the mixture  16 
ߨ௉ேீǤ஺ிோ ൌ  ෍ ߚ௖ߨ௖
௖אሼ௉ேீǤ஽ாேǡா௎ோǤ஺ிோǡா௎ோǤ஽ாேǡ௫ை௢஺ሻ
Ǥ 
This is non-trivial to fit. We use a penalisation scheme to simultaneously ensure 17 
we a) obtain a valid mixture for ߚ௖, b) give a prediction ݔ௞ that is also a valid 18 
mixture, c) leave little signal in the residuals, and d) obtain a good fit. Cross-19 
validation is used to obtain the optimal penalisation parameters (ܣ and ܤ) with 20 




൅ ܣ ஺ܲ ൅ ܤ ஻ܲǡ 
where  ݁௞  are the residuals in each component, ஺ܲ ൌ ȁሺσ ߚ௖௖ ሻ െ ͳȁ ൅22 
ȁሺσ ݔ௞௞ ሻ െ ͳȁ (for a valid mixture) and ஻ܲ ൌ ݏǤ ݀ሺ݁௞ሻ (for requirement c, good 23 
solutions will have similar residuals across components). The loss is minimised 24 
via standard optimization techniques. Supplementary Section S2.2.10 details 25 
how initial values are found and explores the robustness of the solution to 26 
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changes in A and B - the results do not change qualitatively for reasonable 1 
choices of these parameters, and the mixtures are valid to within numerical 2 
error. 3 
Genome-wide xOoA estimation:  We used the estimated xOoA derived allele 4 
mutation rate estimate ߠ௫ை௢஺ to estimate the xOoA contribution in haplotypes 5 
classed as Eurasian or Papuan by ChromoPainter. First we obtained estimates of 6 
ߨ௉ேீǤா௎ோ and ߨ௉ேீǤ௉ேீ using the single out-of-Africa model above, additionally 7 
allowing a EUR.EUR contribution. We then estimate ߙ௫ை௢஺ using the observed 8 
mutation rate ߠ݋ܾݏ and that predicted under the mixture model ߠ݉݅ݔ by rearranging 9 
the mixture: 10 
ߠ݋ܾݏ ൌ ߙݔܱ݋ܣߠݔܱ݋ܣ ൅ ሺͳ െ ߙݔܱ݋ܣሻߠ݉݅ݔ 
Estimates less than zero are set to 0. The genome wide estimate is obtained by 11 
weighting each ߠ by the proportion of the genome that was painted with that donor. 12 
Neanderthal and Denisova chunks were assumed to be proxied by PNG.DEN (0% xOoA 13 
by assumption); African chunks by PNG.AFR; Papuan and Australian by PNG.PNG and all 14 
other chunks by PNG.EUR.  We obtain confidence intervals by bootstrap resampling of 15 
haplotypes for each donor/recipient pair. 16 
 17 
Y chromosome and mtDNA haplopgroup analysis. The presence of an 18 
extinct xOoA trace in the genome of modern Papuans may seem at odds with 19 
analyses of mtDNA and Y chromosome phylogenies, which point to a single, 20 
recent origin for all non-African lineages (mtDNA L3, which gives rise to all 21 
mtDNA lineages outside Africa has been dated at ~70 kya,45,46). However, 22 
uniparental markers inform on a small fraction of our genetic history, and a 23 
single origin for all non-African lineages does not exclude multiple waves OoA 24 
from a shared common ancestor. We show analytically (Supplementary Section 25 
2.2.12) that, if the xOoA entered the Papuan genome >40 kya, their mtDNA and Y 26 
lineages could have been lost by genetic drift even assuming an initial xOoA 27 
mixing component of up to 35%. Similar findings have been reported recently15. 28 





1 Altshuler, D. M. et al. Integrating common and rare genetic variation in 3 
diverse human populations. Nature 467, 52-58, doi:10.1038/nature09298 4 
(2010). 5 
2 The 1000 Genomes Project Consortium. An integrated map of genetic 6 
variation from 1,092 human genomes. Nature 491, 56-65, 7 
doi:10.1038/nature11632 (2012). 8 
3 Drmanac, R. et al. Human genome sequencing using unchained base reads 9 
on self-assembling DNA nanoarrays. Science 327, 78-81, 10 
doi:10.1126/science.1181498 (2010). 11 
4 Lachance, J. et al. Evolutionary history and adaptation from high-coverage 12 
whole-genome sequences of diverse African hunter-gatherers. Cell 150, 13 
457-469, doi:10.1016/j.cell.2012.07.009 (2012). 14 
5 Pagani, L. et al. Tracing the Route of Modern Humans out of Africa by Using 15 
225 Human Genome Sequences from Ethiopians and Egyptians. American 16 
journal of human genetics 96, 986-991, doi:10.1016/j.ajhg.2015.04.019 17 
(2015). 18 
6 Clemente, F. J. et al. A Selective Sweep on a Deleterious Mutation in CPT1A 19 
in Arctic Populations. American journal of human genetics 95, 584-589, 20 
doi:10.1016/j.ajhg.2014.09.016 (2014). 21 
7 Gudbjartsson, D. F. et al. Large-scale whole-genome sequencing of the 22 
Icelandic population. Nat Genet 47, 435-444, doi:10.1038/ng.3247 (2015). 23 
8 Weinstein, J. N. et al. The Cancer Genome Atlas Pan-Cancer analysis project. 24 
Nat Genet 45, 1113-1120, doi:10.1038/ng.2764 (2013). 25 
9 Li, H. & Durbin, R. Inference of human population history from individual 26 
whole-genome sequences. Nature 475, 493-496, doi:10.1038/nature10231 27 
(2011). 28 
10 Schiffels, S. & Durbin, R. Inferring human population size and separation 29 
history from multiple genome sequences. Nat Genet 46, 919-925, 30 
doi:10.1038/ng.3015 (2014). 31 
11 Harris, K. & Nielsen, R. Inferring demographic history from a spectrum of 32 
shared haplotype lengths. PLoS genetics 9, e1003521, 33 
doi:10.1371/journal.pgen.1003521 (2013). 34 
12 Sheehan, S., Harris, K. & Song, Y. S. Estimating variable effective population 35 
sizes from multiple genomes: a sequentially markov conditional sampling 36 
distribution approach. Genetics 194, 647-662, 37 
doi:10.1534/genetics.112.149096 (2013). 38 
13 Patterson, N. et al. Ancient admixture in human history. Genetics 192, 39 
1065-1093, doi:10.1534/genetics.112.145037 (2012). 40 
14 Scally, A. & Durbin, R. Revising the human mutation rate: implications for 41 
understanding human evolution. Nat Rev Genet 13, 745-753, 42 
doi:10.1038/nrg3295 (2012). 43 
15 Groucutt, H. S. et al. Rethinking the dispersal of Homo sapiens out of Africa. 44 
Evol Anthropol 24, 149-164, doi:10.1002/evan.21455 (2015). 45 
30 
 
16 Grove, M. et al. Climatic variability, plasticity, and dispersal: A case study 1 
from Lake Tana, Ethiopia. Journal of human evolution 87, 32-47, 2 
doi:10.1016/j.jhevol.2015.07.007 (2015). 3 
17 Mellars, P., Gori, K. C., Carr, M., Soares, P. A. & Richards, M. B. Genetic and 4 
archaeological perspectives on the initial modern human colonization of 5 
southern Asia. Proceedings of the National Academy of Sciences of the 6 
United States of America 110, 10699-10704, doi:Doi 7 
10.1073/Pnas.1306043110 (2013). 8 
18 Reyes-Centeno, H. et al. Genomic and cranial phenotype data support 9 
multiple modern human dispersals from Africa and a southern route into 10 
Asia. Proceedings of the National Academy of Sciences of the United States 11 
of America 111, 7248-7253, doi:Doi 10.1073/Pnas.1323666111 (2014). 12 
19 Liu, W. et al. The earliest unequivocally modern humans in southern China. 13 
Nature 526, 696-699, doi:10.1038/nature15696 (2015). 14 
20 Prugnolle, F., Manica, A. & Balloux, F. Geography predicts neutral genetic 15 
diversity of human populations. Current Biology 15, R159-R160 (2005). 16 
21 Li, J. Z. et al. Worldwide human relationships inferred from genome-wide 17 
patterns of variation. Science 319, 1100-1104, doi:DOI 18 
10.1126/science.1153717 (2008). 19 
22 Ramachandran, S. et al. Support from the relationship of genetic and 20 
geographic distance in human populations for a serial founder effect 21 
originating in Africa. Proceedings of the National Academy of Sciences of 22 
the United States of America 102, 15942-15947 (2005). 23 
23 Green, R. E. et al. A draft sequence of the Neandertal genome. Science 328, 24 
710-722, doi:10.1126/science.1188021 (2010). 25 
24 Reich, D. et al. Denisova admixture and the first modern human dispersals 26 
into Southeast Asia and Oceania. American journal of human genetics 89, 27 
516-528, doi:10.1016/j.ajhg.2011.09.005 (2011). 28 
25 Fu, Q. et al. Genome sequence of a 45,000-year-old modern human from 29 
western Siberia. Nature 514, 445-449, doi:10.1038/nature13810 (2014). 30 
26 Fu, Q. et al. A revised timescale for human evolution based on ancient 31 
mitochondrial genomes. Current Biology 23, 553-559, 32 
doi:10.1016/j.cub.2013.02.044 (2013). 33 
27 Seguin-Orlando, A. et al. Paleogenomics. Genomic structure in Europeans 34 
dating back at least 36,200 years. Science 346, 1113-1118, 35 
doi:10.1126/science.aaa0114 (2014). 36 
28 Gravel, S. et al. Demographic history and rare allele sharing among human 37 
populations. Proceedings of the National Academy of Sciences of the United 38 
States of America 108, 11983-11988, doi:10.1073/pnas.1019276108 (2011). 39 
29 Meyer, M. et al. A High-Coverage Genome Sequence from an Archaic 40 
Denisovan Individual. Science 338, 222-226, doi:Doi 41 
10.1126/Science.1224344 (2012). 42 
30 Alexander, D. H., Novembre, J. & Lange, K. Fast model-based estimation of 43 
ancestry in unrelated individuals. Genome research 19, 1655-1664, doi:DOI 44 
10.1101/gr.094052.109 (2009). 45 
31 
 
31 Cardona, A. et al. Genome-wide analysis of cold adaptation in indigenous 1 
siberian populations. PloS one 9, e98076, 2 
doi:10.1371/journal.pone.0098076 (2014). 3 
32 Lawson, D. J., Hellenthal, G., Myers, S. & Falush, D. Inference of population 4 
structure using dense haplotype data. PLoS genetics 8, e1002453, 5 
doi:10.1371/journal.pgen.1002453 (2012). 6 
33 Petkova, D., Novembre, J. & Stephens, M. Visualizing spatial population 7 
structure with estimated effective migration surfaces. Nat Genet 48, 94-8 
100, doi:10.1038/ng.3464 (2016). 9 
34 Raghavan, M. et al. Upper Palaeolithic Siberian genome reveals dual 10 
ancestry of Native Americans. Nature 505, 87-91, doi:10.1038/nature12736 11 
(2014). 12 
35 Jones, E. R. et al. Upper Palaeolithic genomes reveal deep roots of modern 13 
Eurasians. Nature communications 6, 8912, doi:10.1038/ncomms9912 14 
(2015). 15 
36 Hellenthal, G. et al. A genetic atlas of human admixture history. Science 16 
343, 747-751, doi:10.1126/science.1243518 (2014). 17 
37 Rasmussen, M. et al. An Aboriginal Australian Genome Reveals Separate 18 
Human Dispersals into Asia. Science 333, 94-98, doi:Doi 19 
10.1126/Science.1211177 (2011). 20 
38 Reich, D. et al. Genetic history of an archaic hominin group from Denisova 21 
Cave in Siberia. Nature 468, 1053-1060, doi:10.1038/nature09710 (2010). 22 
39 Wall, J. D. et al. Higher levels of neanderthal ancestry in East Asians than in 23 
Europeans. Genetics 194, 199-209, doi:10.1534/genetics.112.148213 (2013). 24 
40 Hughes, A. L. et al. Widespread purifying selection at polymorphic sites in 25 
human protein-coding loci. Proceedings of the National Academy of 26 
Sciences of the United States of America 100, 15754-15757, 27 
doi:10.1073/pnas.2536718100 (2003). 28 
41 Lohmueller, K. E. et al. Proportionally more deleterious genetic variation in 29 
European than in African populations. Nature 451, 994-997 (2008). 30 
42 Khrameeva, E. E. et al. Neanderthal ancestry drives evolution of lipid 31 
catabolism in contemporary Europeans. Nature communications 5, 3584, 32 
doi:10.1038/ncomms4584 (2014). 33 
43 Chapman, N. H. & Thompson, E. A. A model for the length of tracts of 34 
identity by descent in finite random mating populations. Theoretical 35 
population biology 64, 141-150 (2003). 36 
44 Migliano, A. B., Vinicius, L. & Lahr, M. M. Life history trade-offs explain the 37 
evolution of human pygmies. Proceedings of the National Academy of 38 
Sciences of the United States of America 104, 20216-20219, 39 
doi:10.1073/pnas.0708024105 (2007). 40 
45 Soares, P. et al. The Archaeogenetics of Europe. Current Biology 20, R174-41 
R183 (2010). 42 
46 Behar, D. M. et al. A "Copernican" Reassessment of the Human 43 
Mitochondrial DNA Tree from its Root. American journal of human genetics 44 
90, 675-684, doi:Doi 10.1016/J.Ajhg.2012.03.002 (2012). 45 
32 
 
47 Karmin, M. et al. A recent bottleneck of Y chromosome diversity coincides 1 
with a global change in culture. Genome research 25, 459-466, 2 
doi:10.1101/gr.186684.114 (2015). 3 
48 Gronau, I., Hubisz, M. J., Gulko, B., Danko, C. G. & Siepel, A. Bayesian 4 
inference of ancient human demography from individual genome 5 
sequences. Nat Genet 43, 1031-1034, doi:10.1038/ng.937 (2011). 6 
49 Posth, C. et al. Pleistocene Mitochondrial Genomes Suggest a Single Major 7 
Dispersal of Non-Africans and a Late Glacial Population Turnover in Europe. 8 
Current biology : CB, doi:10.1016/j.cub.2016.01.037 (2016). 9 
50 Kuhlwilm, M. et al. Ancient gene flow from early modern humans into 10 
Eastern Neanderthals. Nature 530, 429-433, doi:10.1038/nature16544 11 
(2016). 12 
51 Clarkson, C. et al. The archaeology, chronology and stratigraphy of 13 
Madjedbebe (Malakunanja II): A site in northern Australia with early 14 
occupation. Journal of human evolution 83, 46-64, 15 
doi:10.1016/j.jhevol.2015.03.014 (2015). 16 
52 O'Connell, J. F. & Allen, J. The process, biotic impact, and global 17 
implications of the human colonization of Sahul about 47,000 years ago. 18 
Journal of Archaeological Science 56, 73 - 84, 19 
doi:http://dx.doi.org/10.1016/j.jas.2015.02.020 (2015). 20 
53 Fu, Q. et al. An early modern human from Romania with a recent 21 
Neanderthal ancestor. Nature 524, 216-219, doi:10.1038/nature14558 22 
(2015). 23 
54 Stewart, J. R. & Stringer, C. B. Human evolution out of Africa: the role of 24 
refugia and climate change. Science 335, 1317-1321, 25 
doi:10.1126/science.1215627 (2012). 26 
55 Mikkelsen, T. et al. Initial sequence of the chimpanzee genome and 27 






































































































































































































0 10000 20000 30000































































































































































































































































































































































































































































































































































































































































































































































































































































Africa West Asia Caucasus































































































































































































































































 Table 1 Eurasian subset of variants highlighted by positive selection  tests 
            
Gene SNP 
Variant 
Type Test Population Phenotype 
FADS2 rs2524296 intronic di Wsi Fatty acid desaturation 
ZNF646 rs749670 missense dDAF,DIND CSi Lipid metabolism, bile synthesis 
PPARA rs6008197 missense iHS,nSL,TD,DIND SoA Lipid metabolism 
GANC rs8024732 missense iHS,DIND SoA Carbohydrate metabolism 
PKDREJ rs6519993 missense iHS,nSL,TD,DIND SoA Sperm-Receptor, kidney disease 
CSMD1  rs7816731 non-coding di Wsi Blood pressure 
LYPD3 rs117823872 non-coding di Wsi Wound healing
POU2F3 rs882856 missense dDAF WEu Wound healing 
B9D1 rs4924987 missense dDAF EEu Ciliogenesis
PCDH15 rs4935502 missense dDAF CSi Ciliogenesis 
TMEM216 rs10897158 missense dDAF Wsi Ciliogenesis
PLCB2 rs936212 missense dDAF NSi Ciliogenesis 
MYO18B rs2236005 missense dDAF SeI Motor activity 
FLNB rs12632456 missense dDAF SeI Motor activity 
TTN rs10497520 missense dDAF MiE Motor activity 
Note the abbreviations of the population group names are according to Table S2.2 
iHS,nSL, or TD, indicates that the variant is a from a top 1% window by that test for the indicated population. 
DIND indicates that the variant is significantly (>5SD) above the neutral background by the DIND test (See 
Supplementary Section 3) 
di indicates that the variant was in the top 12 of the most highly divergent SNVs by the di score in each of the 
twelve population groups (See Supplementary Section 3)
dDAF indicates that the variant was in the top 20 most highly differentiated SNPs in its class in a given 
comparison (See Supplementary Section 3)
